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What this session is - and is not ...

Objective
Create a shared vocabulary for asking whether and
how research is ethically responsible,
scientifically credible, and reproducible enough
to be trusted.

▶ I do not have all the answers; these questions
are evolving quickly!

▶ My goal is to offer some guidance, examples,
and language for thinking about them.

▶ I don’t have a fixed checklist, but a starting
point for better questions, norms, and
decisions.

1. Ethics history
and IRBs/RECs

2. Reproducibility
and replication crisis

3. AI in the
research pipeline
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Scientific ethos: the social contract of research

A definition
Scientific ethos is the set of norms that
make research more than private opinion: we
make claims in ways others can inspect,
challenge, reuse, and improve.

Merton’s classic norms are often summarized
as:
▶ Communality: knowledge is shared
▶ Universalism: claims judged by evidence
▶ Disinterestedness: manage conflicts
▶ Organized skepticism: invite criticism

Trustworthy knowledge

Openness Critique

Ethics is not just “being good”.
It is building conditions for trust.

Source: Merton, 1942; overview in BITSS, “Merton’s norms”
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https://www.bitss.org/education/mooc-parent-page/week-1/introduction-to-research-transparency-and-the-scientific-ethos/mertons-norms-and-the-scientific-ethos/


Three layers of trust

Ethical trust: participants and communities are respected

Epistemic trust: claims follow from data, methods, and reasoning

Infrastructural trust: records, code, data, and decisions can be inspected

Reproducibility is the bridge between the second and third layers.
AI now touches all three.
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A timeline: the evolution of research ethics

1947
Nuremberg Code

1932–1972
Tuskegee

1979
Belmont Report

2021–2024
AI ethics

frameworks

1964
Declaration
of Helsinki

1974
National Re-
search Act

1991–2018
Common Rule

2016
CIOMS

guidance

A recurring lesson: ethical failures are rarely just
individual wrongdoing; they are failures of con-
sent, accountability, incentives, and institutions.

Source: HHS/ORI Nuremberg Code; WMA Helsinki; HHS/OHRP Belmont; CIOMS 2016; UNESCO AI ethics
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https://ori.hhs.gov/content/chapter-3-The-Protection-of-Human-Subjects-nuremberg-code-directives-human-experimentation
https://www.wma.net/what-we-do/medical-ethics/declaration-of-helsinki/
https://www.hhs.gov/ohrp/regulations-and-policy/belmont-report/index.html
https://cioms.ch/publications/product/international-ethical-guidelines-for-health-related-research-involving-humans/
https://www.unesco.org/en/articles/recommendation-ethics-artificial-intelligence


Nuremberg Code: consent becomes central

After the Doctors’ Trial
The 1947 Nuremberg Code responded to
Nazi medical experiments and set limits on
permissible human experimentation.

▶ Voluntary, informed consent
▶ Socially valuable knowledge
▶ Avoid unnecessary suffering
▶ Risk should not exceed humanitarian

importance
▶ Participants can withdraw

Can the person freely say yes?

Do they understand the risks?

Is the study worth those risks?

Can they stop?

Source: HHS Office of Research Integrity, Nuremberg Code
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https://ori.hhs.gov/content/chapter-3-The-Protection-of-Human-Subjects-nuremberg-code-directives-human-experimentation


Cases that stretched the ethical imagination

Tuskegee syphilis study, 1932–1972
Black men in Alabama were misled; informed
consent was not collected; treatment was withheld
even after penicillin became standard.

Willowbrook hepatitis studies,
1956–1971
Institutionalized children were deliberately exposed
to hepatitis in studies entangled with coercive
conditions of care.

Milgram obedience experiments, 1960s
Psychological research raised questions about
deception, distress, and debriefing.

Henrietta Lacks and HeLa cells, 1951
onward
Unconsented tissue use became a lasting case
about consent, privacy, biospecimens, data, and
benefit sharing.

Lesson: ethical rules are often written after harm has revealed a blind spot.

Source: CDC Tuskegee timeline; Bioethics Research Center, Willowbrook; Britannica, Milgram; Johns Hopkins, Henrietta Lacks
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https://www.cdc.gov/tuskegee/about/timeline.html
https://bioethicsresearch.org/resources/case-studies/hepatitis-studies-at-the-willowbrook-state-school-for-children/
https://www.britannica.com/science/Milgram-experiment
https://www.hopkinsmedicine.org/henrietta-lacks/upholding-the-highest-bioethical-standards


Belmont Report: three principles ... and many questions

Respect for persons
Autonomy, informed consent,
added protections for limited
autonomy.

Beneficence
Maximize possible benefits;
minimize possible harms.

Justice
Fair distribution of research
burdens and benefits.

In social science, these principles become questions about
power, privacy, coercion, compensation, representa-

tion, interpretation, and who benefits from knowledge.

Source: HHS/OHRP, Belmont Report
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https://www.hhs.gov/ohrp/regulations-and-policy/belmont-report/index.html


IRBs: ethics becomes institutional review

Institutional Review Board
A formally designated group that reviews
research involving human participants to protect
rights, welfare, dignity, and safety before the
study begins.

▶ Is it research with human participants or
identifiable data?

▶ Are risks reasonable and minimized?
▶ Is consent meaningful in context?
▶ Are privacy and confidentiality protected?
▶ Are recruitment and compensation fair?
▶ Are vulnerable groups and communities

respected?

Protocol

Consent materials

Risk/benefit review

Continuing oversight(?)

Source: eCFR 21 CFR 56, IRB definition; HHS/OHRP human subjects protections
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https://www.ecfr.gov/current/title-21/chapter-I/subchapter-A/part-56
https://www.hhs.gov/ohrp/index.html


IRBs in social science

Common review pathways

▶ Exempt / low-risk review
▶ Expedited review for minimal risk
▶ Full board review for higher risk

Key issue: not just whether harm is likely, but
whether people can be identified, stigmatized,
or politically exposed so ... return to Belmont!

▶ Respect for persons
▶ Beneficence
▶ Justice

Social science complexities

▶ Sensitive topics: politics, health,
violence, identity

▶ Power: students, employees, refugees,
clients

▶ Deception and debriefing
▶ Fieldwork and community permissions
▶ Administrative and digital trace data

Source: HHS/OHRP Revised Common Rule resources; CIOMS 2016 guidance
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https://www.hhs.gov/ohrp/education-and-outreach/revised-common-rule/index.html
https://cioms.ch/publications/product/international-ethical-guidelines-for-health-related-research-involving-humans/


IRBs in Africa: present, varied, and evolving

What exists
▶ National and institutional IRBs across many

countries
▶ Different names, legal foundations, and scopes
▶ OHRP tracks country-level human research

standards for African jurisdictions
▶ AVAREF links all 55 African countries for

clinical-trial regulatory and ethics capacity

Common capacity questions

▶ Uneven staffing, funding, training, and
turnaround time

▶ Ethics review sometimes overlaps with
scientific review

▶ Social science, digital data, and AI may
not fit older biomedical templates

▶ Strong opportunity for community
engagement and Africa-centric
frameworks

The question is not “Do IRBs exist?” but “Are they equipped for today’s research risks?”

Source: WHO AFRO ethics; WHO/AVAREF; OHRP Africa standards; Chaudhry et al., BMJ Open 2022; AU Continental AI Strategy 2024
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https://www.afro.who.int/health-topics/ethics
https://avaref.afro.who.int/
https://www.hhs.gov/ohrp/international/compilation-human-research-standards/africa/index.html
https://bmjopen.bmj.com/content/12/11/e062847
https://au.int/sites/default/files/documents/44004-doc-EN-_Continental_AI_Strategy_July_2024.pdf


Why reproducibility belongs in research ethics

Ethics asks: should this study be done?
A study is harder to justify when its design, data,
or analysis cannot support trustworthy claims.

▶ Participants contribute time, privacy, and
sometimes experience risk

▶ Communities may bear reputational or
political consequences

▶ Funders and universities invest scarce
resources

▶ Bad findings can misdirect policy, medicine,
or social programs

People give something

Researchers make a claim

Society may act on it

Reproducibility is part of
honoring that contribution.
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Equipoise: when is research ethically justified?

A definition
Equipoise means there is genuine uncertainty
about which study arm is better, worse, or
more harmful – and extends to whether the
research is worth the risk of doing it.

In social science, the question is not only: “Can
we estimate a causal effect?”

It is also: “Is it ethically defensible to assign
some people to this condition?”

Examples to discuss:

▶ Nairobi water disconnection experiment
Critics argued that randomizing
enforcement of water shutoffs imposed
foreseeable harm on low-income
households.

▶ HIV prevention trials with placebo
controls
Once effective treatment existed, critics
argued that assigning some participants
to placebo violated genuine uncertainty.

Practical test: if we already know one arm predictably deprives, harms, or exploits participants,
uncertainty about an outcome is not enough.

Source: Freedman, 1987; Africa Is a Country, 2023; Devex, 2020; Lurie and Wolfe, 1997
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https://africasacountry.com/2023/11/when-economists-shut-off-your-water/
https://www.devex.com/news/a-new-research-experiment-in-kenya-raises-questions-about-ethics-98039
https://pubmed.ncbi.nlm.nih.gov/9295246/


Vocabulary: reproducibility, replicability, robustness

Reproducibility
Same data, same
code/methods, same analysis
conditions → consistent
results.

Replicability
New data or independent
study, same scientific question
→ consistent conclusions.

Robustness
Reasonable alternative
models, measures, samples, or
assumptions → conclusion
still holds.

Reproducibility asks “Can we rerun the path?”
Replicability asks “Does the phenomenon appear again?”

Robustness asks “Does the conclusion survive reasonable changes?”

Source: National Academies, Reproducibility and Replicability in Science, 2019
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https://nap.nationalacademies.org/catalog/25303/reproducibility-and-replicability-in-science


The replication crisis: some statistics

Psychology
36%

replications had
statistically significant
results in a 100-study

project.

Social science
13/21

Nature & Science
experiments replicated

in one project.

Cancer biology
6/53

landmark preclinical
findings reportedly
confirmed by one

industry team.

Survey
>70%

of surveyed researchers
reported failing to
reproduce another

scientist’s experiment.

The point is not that science is broken; the point is that science needs
feedback loops.

Source: Open Science Collaboration, Science 2015; Camerer et al., Nature Human Behaviour 2018; Begley & Ellis, Nature 2012; Baker, Nature 2016
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https://www.science.org/doi/10.1126/science.aac4716
https://www.nature.com/articles/s41562-018-0399-z
https://www.nature.com/articles/483531a
https://www.nature.com/articles/533452a


When findings unravel: cases adjacent to economics

Dishonesty research
Claim type: small behavioral interventions can
increase honesty.
What unraveled:
▶ A field experiment on honesty pledges and

auto-insurance mileage reports was later
found to contain apparently fabricated data.

▶ The paper was retracted.
▶ The case involved prominent behavioral

scientists, including Dan Ariely and
Francesca Gino.

A broader lesson
Replication is not only about “getting the
same coefficient.”
It also asks whether:
▶ the data are real and auditable;
▶ randomization happened as claimed;
▶ cleaning and exclusion rules were defensible;
▶ independent researchers can inspect the full

workflow.

The reproducibility pipeline is also a research-integrity pipeline.

Source: Data Colada #98; Data Colada #109; Data Colada #118
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https://datacolada.org/98
https://datacolada.org/109
https://datacolada.org/118


Why do reproducibility problems happen?

Researcher degrees of freedom
Many defensible choices can be made after
seeing data: exclusions, outcomes, subgroups,
models, transformations, stopping rules.

Incentives
Careers often reward novelty, significance,
speed, and publication more than careful
documentation or replication.

Thin records
Data, code, instruments, consent constraints,
and field decisions are often missing or
impossible to interpret.

Skill and time costs
Reproducible work is hard to learn and hard
to maintain. It takes time to build habits,
document decisions, clean code, manage files,
and keep workflows usable.

Reproducibility is not just a virtue; it is a practice that requires training, time, and institutional
support.

Source: Simmons, Nelson & Simonsohn, 2011; Nosek et al., PNAS 2018; Camerer et al., 2018
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https://journals.sagepub.com/doi/10.1177/0956797611417632
https://pmc.ncbi.nlm.nih.gov/articles/PMC5856500/
https://www.nature.com/articles/s41562-018-0399-z


Tools: not the ethos, but the memory of the study

Question
+ protocol

Preregister
plan

Collect
data

Analyze
code

Write
paper

Archive
DOI

Planning
OSF, preregistration, registered
reports, IRB/REC protocol
alignment

Doing
Git/GitHub, notebooks,
README files, data dictionaries,
issue logs

Preserving
Zenodo/Figshare, DOIs,
containers, software versions,
FAIR data principles

Tools reduce memory loss and let others see our work transparently;
they do not replace judgment, consent, or theory.

Source: GitHub Docs on Git; OSF preregistration support; Zenodo GitHub integration; Wilkinson et al., FAIR Principles, 2016
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https://docs.github.com/en/get-started/using-git/about-git
https://help.osf.io/article/330-welcome-to-registrations
https://help.zenodo.org/docs/github/
https://www.nature.com/articles/sdata201618


AI now enters the whole research pipeline

Literature
search

Study
design

Data
collection

Coding /
cleaning

Analysis /
modeling

Writing /
review

AI assistance can be useful at every stage - and
can create hidden dependencies at every stage.

Benefits
Translation help, literature triage, code support,
qualitative coding assistance, simulation,
accessibility, drafting support.

Risks
Hallucination, hidden bias, privacy leakage,
non-repeatability, model updates, opaque vendors,
weak disclosure, fabricated citations.

Source: ICMJE AI guidance update, 2024; COPE position on AI authorship; APA generative AI policy
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https://www.icmje.org/news-and-editorials/updated_recommendations_jan2024.html
https://publicationethics.org/guidance/cope-position/authorship-and-ai-tools
https://www.apa.org/pubs/journals/resources/publishing-tips/policy-generative-ai


What AI changes about reproducibility and ethics

Reproducibility challenges

▶ Output may be stochastic
▶ Model weights and system prompts may

be hidden
▶ Tools change without notice
▶ Prompts, context, and parameters are

rarely reported
▶ Proprietary platforms may disappear or

restrict access

Ethics challenges

▶ Participant data and/or proprietary
information may enter third-party
systems

▶ Bias can be amplified in low-resource
languages or underrepresented groups

▶ AI-generated outputs can affect coding,
interpretation, and who gets credit

▶ Human accountability can be blurred
▶ Communities may not know AI is part of

the study

AI does not remove responsibility; it changes what must be documented and reviewed
- and we do not have good guidelines for how to do this.
Source: UNESCO Recommendation on AI Ethics; OECD AI Principles, updated 2024; Nature Portfolio AI policy; AU Continental AI Strategy 2024
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https://www.unesco.org/en/articles/recommendation-ethics-artificial-intelligence
https://oecd.ai/en/ai-principles
https://www.nature.com/nature-portfolio/editorial-policies/ai
https://au.int/sites/default/files/documents/44004-doc-EN-_Continental_AI_Strategy_July_2024.pdf


Integrating AI into a reproducibility pipeline

Stage AI use to document Reproducibility/ethics guardrail

Planning Idea generation, literature triage, protocol
drafting

State what AI did and did not do; verify sources;
disclose in protocol if material

Ethics review Consent language, risk assessment, data flow
diagrams

Say whether participant data will enter AI sys-
tems; specify model and privacy controls

Data collection Translation, chatbots, transcription, survey
adaptation

Validate with local language experts; explain AI
use to participants when relevant

Analysis Code writing, qualitative coding, classification,
modeling

Save prompts, model/version/date, parameters,
outputs, and human verification steps

Writing Drafting, editing, summaries, peer-review re-
sponse

Do not list AI as author; disclose use; verify cita-
tions and claims

Archiving Code/data packaging, metadata, documenta-
tion

Archive AI-use logs, prompts, outputs where al-
lowed; preserve enough detail for audit

Treat AI as a research instrument:
calibrate it, document it, and state its limits.

Source: ICMJE 2024; COPE AI authorship; APA generative AI disclosure guidance; NeurIPS Paper Checklist
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https://www.icmje.org/news-and-editorials/updated_recommendations_jan2024.html
https://publicationethics.org/guidance/cope-position/authorship-and-ai-tools
https://www.apa.org/pubs/journals/resources/publishing-tips/policy-generative-ai
https://neurips.cc/public/guides/PaperChecklist


A minimal AI-use record

Record the basics
▶ Tool& model name, provider, version,

date
▶ Task: editing, coding, translation,

analysis, etc.
▶ Prompt or instructions, plus important

context
▶ Parameters/settings when available
▶ Inputs: whether participant-identifiable

data were used
▶ Outputs kept, rejected, or edited
▶ Human verification procedure
▶ Known limitations and bias checks

Model
What is this AI system?

Datasheet
What data trained/validated it?

Prompt log
What did we ask it to do?

Verification log
How did humans check it?

Source: Mitchell et al., Model Cards; Gebru et al., Datasheets for Datasets; Data Nutrition Project; NeurIPS Paper Checklist
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https://research.google/pubs/model-cards-for-model-reporting/
https://cacm.acm.org/research/datasheets-for-datasets/
https://datanutrition.org/label/
https://neurips.cc/public/guides/PaperChecklist


Sample AI-use disclosure language

Template
In this project, we used [tool/model/provider/version] on [dates] for [tasks: e.g.,
language editing, code suggestions, qualitative coding support]. We did not enter
participant-identifiable or confidential data into public AI systems. Prompts, major outputs, and
human verification steps are documented in [repository/protocol appendix]. All interpretations,
analyses, citations, and final text were reviewed and approved by the human authors, who take
responsibility for the work.

Minimum disclosure template
We used [AI tool/model] in the process of preparation of [research output]. Human authors
reviewed, verified, and remain responsible for the final content, analysis, and conclusions.

Source: Adapted from general principles in ICMJE 2024, COPE, and APA guidance
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https://www.icmje.org/news-and-editorials/updated_recommendations_jan2024.html
https://publicationethics.org/guidance/cope-position/authorship-and-ai-tools
https://www.apa.org/pubs/journals/resources/publishing-tips/policy-generative-ai


A lens for us: ethics, reproducibility, and AI as justice

Questions of power

▶ Who defines the research question?
▶ Who controls data and infrastructure?
▶ Who can audit or reproduce the work?
▶ Who gets authorship, credit, and benefit?
▶ Whose language and categories shape AI

outputs?

Better practice

▶ Community engagement before data
extraction

▶ Local language validation and cultural review
▶ Data governance and benefit-sharing plans
▶ Low-bandwidth and open-source

reproducibility options
▶ Capacity building as part of collaboration

Reproducibility should not become another barrier; it should make research more accountable
and reusable locally.

Source: AU Data Policy Framework 2022; AU Continental AI Strategy 2024; Fallah et al., Lancet Global Health 2025; CIOMS 2016
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https://au.int/en/documents/20220728/au-data-policy-framework
https://au.int/sites/default/files/documents/44004-doc-EN-_Continental_AI_Strategy_July_2024.pdf
https://www.sciencedirect.com/science/article/pii/S2214109X2500097X
https://cioms.ch/publications/product/international-ethical-guidelines-for-health-related-research-involving-humans/


Five questions for every project

1. Who could be harmed - individually, collectively, politically, or digitally?

2. Who benefits, and who gets credit?

3. Could another researcher understand how the claim was produced?

4. What is hidden: decisions, data, code, prompts, model versions, exclusions?

5. What changes when AI touches the study?
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Questions!? And let’s work through a case ...

Choose one AI use case
▶ Drafting survey questions
▶ Translating interview guides
▶ Transcribing focus groups
▶ Coding qualitative interviews
▶ Writing analysis code
▶ Summarizing literature

Ask
1. What is the ethical risk?
2. What must be documented?
3. What should never be entered

into the tool?
4. Who verifies the output?

Thank you!
You can find me at aljosephson@arizona.edu with any questions you have!
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